




WHY THIS TOPIC? WHY NOW?



“the ability to read, write and communicate data in context, 
including an understanding of data sources and constructs, 
analytical methods and techniques applied, and the ability to 
describe the use case, application and resulting value.” 
Gartner, 2021

Source: https://www.gartner.com/smarterwithgartner/a-data-and-analytics-leaders-guide-to-data-literacy 

noun: talent, skill, or proficiency in a particular area.

https://www.gartner.com/smarterwithgartner/a-data-and-analytics-leaders-guide-to-data-literacy
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HOW CAN WE 
DEVELOP OUR 

AI/ML MINDSETS?



MINDSET (NOUN)

1. A fixed mental attitude or disposition that predetermines a  
 person's responses to and interpretations of situations.

2. An inclination or a habit.

3. A way of thinking; an attitude or opinion, especially 
 a habitual one.

The American Heritage® Dictionary of the English Language, 5th Edition.



1.A willingness to be open to change, learn new things, and commit 
to self-improvement even when it is uncomfortable. 

2.A set of attitudes and behaviors that enable ourselves and others 
to see how data, machine learning, algorithms, and 
AI methods opens new possibilities.

3.  A recognition that our work is increasingly dominated by 
 data-intensive and automated technologies.

4.A balanced view of the promise and potential perils of these 
methods and approaches.

AI / ML MINDSET (NOUN)AN AI/ML MINDSET (NOUN)



Source: https://insights.daffodilsw.com/blog/machine-learning-examples-from-day-to-day-life
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AI is Already All Around Us
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AI has been in the popular 
media for a long time



WHAT IS AI?

Artificial intelligence is a machine’s ability to 
perform the cognitive functions we usually 

associate with human minds.

McKinsey & Company, 2023



What is Generative AI?

AIs that can identify and highlight relationship in very 
large sets of complex training data, then based on what 

it learns, triggers the creation of 

new data.

Source: Google Cloud



What is Natural Language Processing?

A sub-field of artificial intelligence focused on 
enabling computers to understand, interpret, and 

generate human language in a manner 
akin to how humans comprehend and use language.



Generative AI – Key Terms for IR

Source: Google Cloud
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Generative AI – Key Terms for IR

Source: Google Cloud
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WAYS IR LEADERS CAN USE GENERATIVE AI 
(E.G. CHAT GPT, CLAUDE, BARD, ETC.)

AI/NLP as Hiring 
Support Staff
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Coach/Teacher

AI/NLP as 
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Generative AI Examples 
to Expand Our Thinking



Conference Session Proposals



PowerPoint Creation from Prompting



Qualitative Analysis Support



Meta Analysis of Research Publications



SQL Code Generation and Problem Solving



Software Teacher and Coach



Tour Guide and Local Dining Expert



Creative Writing for LinkedIn via Chat GPT 
and Imagery via Adobe Firefly



Software Engineer to Transfer Grades to 
Main Grading Book



Software Engineer to Create an Attendance 
Database



Other Tools: Anthropic Claude Other Tools: Google Bard





Scholarly Literature Review Pre-Work via Elicit



Pedagogy and Policy Topic Review via Elicit



• CLEAR (Challenge – Limitation – Effect – Action – Result)
Formula: Identify a (Challenge), acknowledge a (Limitation), predict the (Effect), propose an (Action), and envision 
the (Result).

• Example: The challenge of declining student engagement (Challenge), limited by our current program 
offerings (Limitation), leads to lower retention (Effect) - what ways can we expand our offerings to be relevant 
to today's college student (Action) in ways that will increase overall student success (Result).

• SWOT (Strengths – Weaknesses – Opportunities – Threats)
Formula: Analyze (Strengths), acknowledge (Weaknesses), explore (Opportunities), and weigh (Threats).

• Example: Analyze someone aiming to advance in the field of higher education. Consider (Strengths) such as 
existing skills in academic administration and experience with student academic support. (Weaknesses) also 
include gaps in a resume and/or limited opportunity to supervise, (Opportunities) consider professional 
development experience, and (Threats) competition in a shrinking higher education marketplace.

• PAR (Problem – Action – Result)
Formula: State the (Problem), describe the (Action) taken, and reveal the (Result).

• Example: Facing the challenge of declining numbers of transfer students in the Metroplex (Problem), guide 
how a strategic leader can introduce new marketing tools (Action), to increase the pipeline of Transfer 
applicants.



• ADIA (Attention – Interest – Desire - Action)
Formula: Capture the communities (Attention), maintain their (Interest), create (Desire) for the product/idea 
(Action).

• Example: Create a compelling email grounded in substantive data (Attention) on outcomes of graduate 
salaries (Interest) to encourage graduate applications in engineering (Desire) to grow enrollment in our new 
degree program (Action).

• STAR (Situation – Task – Action – Result)
Formula: Describe the (Situation), outline the (Task), detail the (Action) taken, and share the (Result).

• Example: In a growing online education culture (Situation), my task is to identify ways to use imagery to 
inspire graduate education (Task). What are some possible initiatives to reach a pro-online learner segment 
(Action) to grow our interest in 100% online Masters programs (Result).

5 Key Tips to Enhance Your Prompts as an IR practitioner:
1. Get very specific with your request. Clearly outline the information you seek.

2. Provide context and background information to help AI better understand your need.
3. Be explicit in what you don't want it to consider and give it guard-rails to stay focused.

4. Experiment with various phrases and approaches to test outcomes and tune desired output.
5. Iterate, iterate, iterate. Don't settle for just the first response continue steps 1-4 to get the best outcome.



PowerPoint Imagery for Presentations via Adobe Firefly



PowerPoint Imagery for Presentations 
via Adobe Firefly



Imagery for Publications/Marketing 
via Adobe Firefly



Survey 
Marketing 
Graphics via 
Adobe Firefly





Lack of online options for courses that 
are required of me. I have a baby 

coming in June and need to be home 
to keep up with her when she’s born.

PowerPoint Imagery for Retention 
Presentation via Adobe Firefly



The psychology department is refusing to let 
non majors take their classes for 

interdisciplinary degrees.

PowerPoint Imagery for Retention 
Presentation via Adobe Firefly



Be specific using 
descriptors, 
subject, and 

keywords

Be descriptive 
and translate your 
vision into words 
– be imaginative

Be original, 
indicate feeling, 

mood, style, 
lighting, etc.

Be empathetic, 
indicate warmth 
or strength, use 

emotional context

SOURCES: https://helpx.adobe.com/firefly/using/tips-and-tricks.html
https://spyscape.com/article/midjourney-v5-power-user-tips

Adobe Firefly Tips

Subject: 
Most heavily weighted 
aspect of prompt goes 

first

Details/Surrounding:

Describe the 
surroundings and mood

Stylistic Choices:

Give examples to set 
context (Art Deco, 

Studio Ghibli, closeup)

Set Parameters:

State expectations: 
(Aspect ratio, focal 

length of lens, F-stop, 
lighting choices, etc.)

Midjourney Tips

https://helpx.adobe.com/firefly/using/tips-and-tricks.html
https://spyscape.com/article/midjourney-v5-power-user-tips






Sources: Ladd, Keil, & LeFrance)

Ultimately, we must not only bring about the future of ML/AI at 
our institutions, but also help others know that it’s coming.

“People worried that ‘V’ violated the will of God by getting 
people closer to hell, and that ‘X’ would let people 

communicate with the dead. Early ‘W’ were plagued by 
consumers who felt “’W’ sickness” after their rides. And 

with the advent of the ‘U’, people worried that “the 
unprecedented speeds of travel could send women’s 

uteruses hurling 
from their bodies.”

"People admitted that “X” were ingenious contraptions 
and wondered just how they worked, but they no more 
thought of getting an “X” of their own than the average 

man now thinks of getting an airplane. As a matter of 
fact, for a long time they were of little use in a home.”

“’X’ weren’t human, they popped or 
exploded... People were afraid that if they 

stood near one in a thunderstorm they 
might get hit by lightning. Even if there 

wasn’t any storm, the electric wiring might 
give them a shock. When they saw ‘X’ in 

some hotel or office, they stood away from 
it or 

picked it up gingerly.”

“’Y’ are one of the most contemptible 
soul-destroying and devitalizing 

pursuits that the ill-fortune of 
misguided humanity has ever 

imposed 
upon its credulity.”

“Death from ‘T’ does not stop at the 
door, but comes right into the house, 

and perhaps as you are closing a door 
or turning 

on the gas you are killed.”





Tools, Time, Skill, and Personal Commitment 

Campus Policies and Procedures

Uncertain Regulatory Environment

Speed of Change in this Space

Higher Ed’s Speed of Adaptation

Campus Executive Support

AI Vendor Pitches, Mergers and Acquisitions Oh My!







Are you
FedRamp
certified?  

Y/N

Are you
TexRamp
certified? 

Y/N  

What is your approach 
to, and what are the 

requirements of us, for your 
information store 

with our data?

What data governance 
approaches do 

you require of us to 
connect to our data?

What approaches do 
you take to ensure 

feedback data is appropriate 
for the LLM structure 
you would offer us?

What is your approach to 
securing our institutional 

data so that it is not 
discoverable by other 
models or your other 

clients?

Can you describe your data 
pipeline from store to 

validation to application to 
deployment (including 

foundational model testing 
and fine tuning)?

What strategies do you 
employ to ensure offline 

evaluation processes (both 
performance and 

deployment testing) occur 
so that we have a high 

degree of trust in the LLM?

What automated guard rails 
do you provide our 

institution to assist with 
monitoring of model 

performance and 
transparency?

How often do you provide us 
with the opportunity to re-

deploy newer models 
based off continued 

development and 
monitoring?



Could you share about the 
development of your RAG 

Pipeline and how this might 
impact our model’s 

performance?

Could you share about your 
general cost structure? How 
does your pricing structure 

work for initial acquisition and 
ongoing model usage? We are 

an organization with over __ 
students, __ staff and faculty, 
etc. if that helps you scale?

What existing clients do you 
have in the higher education
space that we could speak to 

who are Tier 1 Research 
Universities?

Can you provide evidence 
(or a plan to provide evidence) that 

your organization complies (or 
plans to comply) with the 

requirement to share safety test 
results and other critical 

information with the U.S. govt. for 
powerful AI systems?

How does your company align 
with the standards and tests 

set by the National Institute of 
Standards and Technology for 
extensive red-team testing to 

ensure the safety, security, and 
trustworthiness of AI systems?

Would you be willing to share 
your red team testing results 

on any model to be considered 
by our university?

What steps do you take to 
reduce hallucinations? Will you 
be able to provide us with this 

analysis?

Would your CIO and CTO be 
willing to meet with our 

campus leadership to discuss 
privacy initiatives within your 

company to protect 
client/faculty data?

If you relied upon external data to 
create your model, can you 

explain how you evaluated and 
handled this commercially 

available information, especially 
data containing personally 

identifiable data, to mitigate
AI-related privacy risks?

What steps do you take to 
address algorithmic 

discrimination? Would you be 
willing to share these 

processes and results with us 
prior to signing off on a 

contract?



Document your 
assumptions, beliefs, 
thoughts, and fears 

about AI/ML

Carve out 10 minutes 
each week to read 
anything on AI/ML

Seek out others who 
are interested in 

AI/ML and share ideas

Find videos and 
resources online that 

help explain AI/ML

Slowly introduce 
AI/ML as topics on 
your staff agendas

Follow the headlines 
and be aware of 
developments in 

other fields

Commit to formalized 
training if informal 

learning is not 
meeting your needs

Revisit your 
previously held 

assumptions, beliefs, 
thoughts, and fears 

about AI/ML



FINAL THOUGHTS ON OUR FUTURE





Q&A


	Artificial Intelligence 101: What Texas IR Practitioners Need to Know
	Pre-Workshop Quick Quiz
	Why this topic? Why now?
	THE UNT DEFINITION OF DATA LITERACY
	WHY YOU SHOULD CARE ABOUT AI/ML DATA LITERACY
	HOW CAN WE DEVELOP OUR ai/ML mindsetS?
	MINDSET (NOUN)
	AI / ML MINDSET (NOUN)
	Slide Number 9
	GENERATIVE ARTIFICIAL INTELLIGENCE 101
	AI has been in the popular media for a long time
	What is AI?
	What is Generative AI?
	What is Natural Language Processing?
	Generative AI – Key Terms for IR
	Generative AI – Key Terms for IR
	Slide Number 17
	WAYS IR LEADERS CAN USE GENERATIVE AI �(E.G. CHAT GPT, CLAUDE, BARD, ETC.)
	Slide Number 19
	Slide Number 20
	Slide Number 21
	Slide Number 22
	Slide Number 23
	Slide Number 24
	Slide Number 25
	Slide Number 26
	Slide Number 27
	Slide Number 28
	Slide Number 29
	Slide Number 30
	Slide Number 31
	Slide Number 32
	Slide Number 33
	Prompt Engineering 101: NLP Prompting Frameworks
	Prompt Engineering 101: NLP Prompting Frameworks
	Slide Number 36
	Slide Number 37
	Slide Number 38
	Slide Number 39
	Slide Number 40
	Slide Number 41
	Slide Number 42
	Prompt Engineering Tips for NLP Visual Creations
	Getting Started 
	Ethical concerns, challenges, and more
	Slide Number 46
	The big question:�AI, bias, and the ethics involved
	AI ADOPTION REALITIES: �AKA THE ELEPHANTS IN THE ROOM
	Slide Number 49
	20 Unofficial Key Questions to Ask a Potential AI Service Provider�Jason F. Simon, University of North Texas
	20 Unofficial Key Questions to Ask a Potential AI Service Provider�Jason F. Simon, University of North Texas
	20 Unofficial Key Questions to Ask a Potential AI Service Provider�Jason F. Simon, University of North Texas
	KEY FIRST STEPS IN YOUR JOURNEY
	Final thoughts on our future
	Post-Workshop Quick Quiz
	Slide Number 56

